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ABSTRACT

Mental health policies have historically prioritised treatment over prevention, focusing 
on symptom management and crisis intervention. Growing recognition of the economic 
and social burden of untreated psychiatric conditions has prompted a global shift towards 
prevention-oriented frameworks, accelerating innovation in early detection, digital health, 
and community-based care. This narrative review examines how the shift from treatment-
focused to prevention-oriented mental health policies shapes mental health innovation, 
with particular attention to early detection technologies, digital interventions, policy-driven 
funding reallocation, and associated ethical and accessibility challenges. A narrative review of 
peer-reviewed literature and policy reports published between 2015 and 2025 was conducted 
using PubMed, PsycINFO, Scopus, Web of Science, and Google Scholar, supplemented by 
reports from the World Health Organization, National Institute of Mental Health, and other 
health organisations. Findings were synthesised thematically across 4 key areas: advances in 
early detection and screening tools; digital mental health solutions; policy-driven funding 
reallocation; and ethical and accessibility challenges. Prevention-oriented policies have 
accelerated innovations including artificial intelligence (AI)-driven screening tools, polygenic 
risk scoring, teletherapy platforms, mobile applications, and virtual reality interventions. 
Policy-driven funding reallocation has expanded school-based, workplace, and primary care 
mental health programmes. However, significant disparities in access persist, particularly in 
low- and middle-income countries (LMICs). Ethical concerns regarding algorithmic bias, data 
privacy, and stigmatisation associated with predictive risk tools remain insufficiently addressed. 
A critical policy tension exists between rising prevention investment and the risk of neglecting 
treatment services for individuals with severe mental illness (SMI). While prevention-oriented 
mental health policies offer substantial promise, their equitable and ethical implementation 
requires robust regulatory frameworks for AI, balanced resource allocation between prevention 
and SMI treatment, and context-sensitive strategies that explicitly address LMIC needs and 
safeguard ongoing care for individuals with chronic psychiatric conditions.
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INTRODUCTION

Historically, mental health policies have prioritized treatment over prevention, focusing 
primarily on symptom management, crisis intervention, and rehabilitation.1 Traditional 
psychiatric care has often been reactive rather than proactive, with the dominant model 
emphasizing hospital-based care, pharmacological treatments, and psychotherapy for 
individuals already diagnosed with mental disorders.2 While these interventions remain 
essential, they do not address the underlying factors contributing to the development of 
mental illness, nor do they prevent the onset of psychiatric conditions in at-risk populations. 
A growing body of research and policy discourse has therefore shifted attention toward 
preventive approaches, recognizing that early intervention and broader systemic strategies can 
mitigate the burden of mental disorders before they escalate into severe, chronic conditions.3

The increasing emphasis on prevention in mental health policy is driven by several converging 
forces, including a deeper understanding of the social determinants of health, the rising 
economic costs associated with untreated psychiatric conditions, and advancements in 
neuroscience and technology that enable earlier detection of mental health risks.4 Factors 
such as poverty, childhood trauma, housing instability, and limited access to education 
play a critical role in mental well-being, making it clear that effective prevention strategies 
must extend beyond clinical settings to integrate public health, education, and social 
welfare initiatives.3 This shift resonates with global health priorities, where the emphasis 
has increasingly moved from treatment-centric models towards holistic, community-based 
approaches that foster resilience and address structural risk factors at the population level.5 
Notably, low- and middle-income countries (LMICs) face unique challenges in this transition, 
including constrained health system resources, workforce shortages, and limited digital 
infrastructure, underscoring the importance of context-sensitive policy design.6

Scientific and technological advances have further fueled this transition by enabling more 
precise identification of individuals at risk for mental health disorders.7 Breakthroughs in 
genetic research, neuroimaging, and artificial intelligence (AI)-based predictive analytics 
have opened new possibilities for early intervention.8 Machine learning algorithms can 
now analyze speech patterns, social media activity, and wearable sensor data to detect 
subtle behavioural changes associated with depression or psychosis before symptoms 
become clinically significant.9 Similarly, research on polygenic risk scores is enhancing the 
identification of individuals predisposed to conditions such as schizophrenia or bipolar 
disorder.10 In parallel, digital mental health solutions, including teletherapy, mobile 
applications, and AI-driven chatbots—have expanded access to preventive resources, 
particularly in underserved and remote communities.11 These developments raise important 
questions about effectiveness, accessibility, data governance, and the ethical implications of 
predictive models in clinical practice.12

While the shift toward prevention presents promising opportunities for mental health 
innovation, it also introduces significant challenges. One major concern is the risk of 
diverting resources away from individuals with severe mental illnesses (SMI) who require 
intensive and ongoing care.13 Additionally, increasing reliance on predictive analytics and 
AI-driven screening tools raises ethical concerns related to stigma, discrimination, and 
privacy.14 Critically, there remains a gap in the literature examining how prevention-oriented 
policy frameworks interact with innovation trajectories across different health system 
contexts, particularly in LMICs where the evidence base is comparatively limited.13

2/18https://doi.org/10.35500/jghs.2026.8.e15

Policy shift on mental health

https://e-jghs.org

Pr
ov
isi
on
al

Pr
ov
isi
on
al



This narrative review therefore critically analyses how the shift from treatment-focused 
to prevention-oriented mental health policies shapes innovation in mental health care. 
Specifically, the review seeks to: explore advances in predictive screening tools such as 
AI-driven diagnostics and genetic risk assessments; evaluate the role of digital health 
solutions, including teletherapy and mobile applications, in preventive mental health care; 
assess how policy-driven funding shifts influence the balance between prevention initiatives 
and treatment programmes; and identify key ethical and accessibility challenges associated 
with prioritizing prevention over traditional psychiatric care. By synthesizing existing 
literature and policy developments, this review aims to provide insights into how prevention-
based policies can drive mental health innovation while ensuring equitable, ethical, and 
effective implementation.

METHODS

This narrative review synthesises existing literature, policy reports, and empirical studies 
to examine the impact of shifting mental health policies from treatment to prevention 
on mental health innovation (Table 1). Unlike systematic reviews, which follow a strict 
protocol for literature selection and statistical analysis, a narrative review provides a broader, 
integrative perspective, allowing for a critical discussion of emerging trends, challenges, 
and implications. This review was not conducted according to the Preferred Reporting Items 
for Systematic Reviews and Meta-Analyses (PRISMA) guidelines, as these are not applicable 
to narrative reviews; the methodological implications of this decision are discussed in the 
Section ‘Limitations of the Review.’

A comprehensive search was conducted across major academic databases, including 
PubMed, PsycINFO, Scopus, Web of Science, and Google Scholar, focusing on literature 
published between 2015 and 2024. The search strategy incorporated a combination of 
keywords such as “mental health prevention strategies,” “early intervention in psychiatry,” 
“digital mental health solutions,” and “policy-driven funding reallocation in mental health 
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Table 1. Summary of methodology for the narrative review
Method aspect Description
Study design Narrative review analyzing existing literature, policy reports, and empirical studies on the shift from treatment to prevention 

in mental health. Not conducted according to PRISMA guidelines; no formal screening phases, data extraction template, or 
quantitative synthesis were employed.

Databases searched PubMed, PsycINFO, Scopus, Web of Science, Google Scholar.
Search timeframe 2015–2025 (with foundational studies before 2010 if relevant).
Search keywords Mental health prevention strategies, early intervention in psychiatry, digital mental health solutions, predictive analytics in 

mental health, funding reallocation in mental health care, ethical considerations in preventive psychiatry.
Additional resources Reports from the WHO, NIMH, government agencies, and mental health advocacy organizations.
Inclusion criteria Peer-reviewed journal articles, systematic reviews, meta-analyses, and policy reports. Studies published in English. Literature 

focuses on early detection, digital mental health interventions, funding changes, and ethical considerations. Research covering 
both high-income country and LMICs.

Exclusion criteria Articles focusing solely on treatment without discussing prevention or innovation. Studies published before 2010 (unless 
foundational). Non-English publications. Opinion pieces, blogs, and sources lack empirical evidence.

Data extraction and analysis Thematic analysis focuses on 4 key areas: (1) advances in early detection and screening tools; (2) digital mental health solutions; 
(3) policy-driven funding reallocation; (4) ethical and accessibility challenges. No structured data extraction tool was used; 
thematic synthesis was conducted narratively.

Limitations Potential selection bias due to narrative review format. Exclusion of non-English studies may limit perspectives from some 
regions. Rapidly evolving policies and innovations may not be fully captured. PRISMA guidelines not followed; no formal screening 
phase documentation; no quantitative evidence synthesis; limited LMIC representation.

PRISMA = Preferred Reporting Items for Systematic Reviews and Meta-Analyses; WHO = World Health Organization; NIMH = National Institute of Mental Health; 
LMIC = low- and middle-income country.
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care.” Additionally, reports from global health organisations, such as the World Health 
Organization, the National Institute of Mental Health, and other governmental and non-
governmental agencies, were reviewed to incorporate real-world policy changes and their 
implications.

To ensure relevance and quality, the review included peer-reviewed journal articles, 
systematic reviews, meta-analyses, and policy reports that focused on prevention-based 
mental health policies and their impact on innovation. Studies were selected if they 
discussed advancements in early detection tools, digital mental health interventions, funding 
reallocation, or ethical considerations associated with the prevention paradigm. Literature 
focusing solely on treatment models without addressing prevention or innovation was 
excluded. Articles published before 2015 were only considered if they provided foundational 
insights relevant to current policy trends. Due to feasibility constraints, non-English 
publications were excluded, which may have limited perspectives from non-English-speaking 
regions. The selected studies were analysed thematically, categorising findings into 4 key 
areas: (1) advances in early detection and screening tools, (2) digital mental health solutions, 
(3) policy-driven funding reallocation, and (4) ethical and accessibility challenges. These 
themes are addressed in Sections ‘Innovations in Mental Health Care Driven by Prevention-
Oriented Policies’ and ‘Ethical and Accessibility Challenges in Prevention-Oriented Mental 
Health Policies’ of this review. Section ‘The Shift from Treatment to Prevention in Mental 
Health Policy: Contextual Background’ provides essential contextual background on the 
economic and social rationale underpinning the policy shift from treatment to prevention; it 
is not intended as a thematic analytical section but rather as a framing context for the themes 
that follow.

Findings were synthesised to identify common themes, research gaps, and potential 
implications for future policy and innovation. The review critically assessed the effectiveness, 
feasibility, and ethical concerns of prevention-focused mental health policies, highlighting 
both their benefits and unintended consequences.

THE SHIFT FROM TREATMENT TO PREVENTION IN 
MENTAL HEALTH POLICY: CONTEXTUAL BACKGROUND
This section provides contextual background on the economic, social, and structural drivers 
underpinning the policy shift from treatment to prevention in mental health. It is intended 
to situate the analytical themes, early detection, digital innovation, funding reallocation, and 
ethical challenges, that are examined in Sections ‘Innovations in Mental Health Care Driven 
by Prevention-Oriented Policies’ through ‘Future Directions and Policy Recommendations.’ 
Understanding why this policy shift is occurring is essential to evaluating its implications for 
innovation and equity across health system contexts.

The shift from treatment to prevention in mental health policy marks a fundamental change 
in how psychiatric care is approached, moving away from reactive crisis management toward 
proactive strategies that address risk factors before disorders fully manifest.15

The economic and social rationale for prevention
The economic and social burdens of untreated mental health conditions are substantial, 
prompting governments and healthcare organizations to prioritize preventive strategies.15 
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Globally, mental disorders cost an estimated $1 trillion annually in lost productivity, 
absenteeism, and healthcare expenditures.16 In the United States (US) alone, untreated 
mental illness results in approximately $282 billion in annual economic losses, comparable 
to the impact of a recession.17 In the United Kingdom (UK), a recent study projected that the 
ongoing mental health crisis among children and young people could lead to a £1.1 trillion 
loss in lifetime earnings, underscoring the long-term economic consequences of inadequate 
mental health support.18

Investing in prevention offers a cost-effective solution to mitigate these challenges. 
Evidence indicates that mental health promotion and prevention interventions are not only 
effective but also economically advantageous.19 A systematic review found that most studies 
consistently reported such interventions as cost-effective or cost-saving, with targeted 
prevention approaches being particularly beneficial.20 Early intervention programmes can 
reduce the need for more intensive treatments and decrease the likelihood of long-term 
disability, leading to significant cost savings for healthcare systems.21 Additionally, workplace 
mental health initiatives have been shown to enhance employee well-being and productivity, 
further contributing to economic gains.22

Beyond financial considerations, preventive mental health strategies yield substantial 
social benefits.23 Early intervention and public education programmes can improve quality 
of life, reduce stigma, and promote social cohesion.24 By addressing mental health issues 
proactively, individuals are better equipped to engage in educational and employment 
opportunities, fostering a more productive and inclusive society.25 Moreover, prevention 
efforts can alleviate pressures on healthcare systems, allowing resources to be allocated more 
efficiently and effectively.26 Fig. 1 summarizes the structural drivers that underpin the policy 
shift from treatment to prevention and indicates how this shift leads to the innovations and 
equity challenges examined in later sections.
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Policy shift in mental health
From treatment-focused to prevention-oriented approaches

(increased policy attention to prevention)

Early detection and screening tools
AI-driven screening,

polygenic risk scores,
biomarkers

Policy-driven funding reallocation and equity
School-based, workplace and primary care programmes;

tension with severe mental illness treatment;
equity and access challenges

Digital mental health solutions
Teletherapy, mobile apps,

AI chatbots,
virtual reality interventions

Motivates policy attention

Structural drivers of mental health burden (contextual factors motivating policy attention)
• Economic costs of untreated mental illness
• Social burden and reduced participation
• Social determinants of mental health (e.g., poverty, housing, education, early-life adversity)

Fig. 1. Conceptual background to prevention-oriented mental health policy. The figure depicts how structural drivers of mental health burden (economic costs 
of untreated mental illness, social burden and reduced participation, and social determinants such as poverty, housing, education, and early-life adversity) 
operate as contextual factors that motivate increased policy attention to prevention, rather than as direct policy mechanisms. This shift in policy orientation 
from treatment-focused to prevention-oriented approaches, in turn, shapes 3 downstream domains examined in the review: advances in early detection and 
screening tools, digital mental health solutions, and policy-driven funding reallocation with associated equity challenges. 
AI = artificial intelligence.
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The role of social determinants of health
A growing body of research highlights the profound impact of social determinants, such 
as poverty, education, housing, and early-life experiences, on mental health outcomes.27 
Individuals exposed to adverse social conditions are more vulnerable to mental health 
disorders throughout their lives, often due to structural factors that perpetuate cycles of 
disadvantage and poor health.3 In response, policymakers are increasingly integrating 
mental health prevention into broader public health and social welfare programmes.28 For 
instance, the Substance Abuse and Mental Health Services Administration has identified 
promoting resilience and emotional health as a priority, emphasizing the need for early-life 
interventions and community-based support systems.29,30

The relevance of social determinants is particularly pronounced in global and LMIC contexts, 
where structural inequities in income, housing, and access to education disproportionately 
affect mental health.31 Prevention strategies that fail to engage with these upstream 
determinants risk reproducing existing inequities rather than reducing them. Addressing these 
structural drivers through comprehensive policies and programmes therefore holds potential to 
significantly improve mental health outcomes and reduce disparities across populations.3

INNOVATIONS IN MENTAL HEALTH CARE DRIVEN BY 
PREVENTION-ORIENTED POLICIES
The shift toward prevention-focused mental health policies has accelerated innovation in 
early detection, digital interventions, and integrated care models.32 Advances in predictive 
analytics, AI, and biomarker research now enable early identification of at-risk individuals, 
allowing for timely intervention before disorders fully develop.33 Digital mental health 
solutions, including teletherapy, mobile applications, and AI-driven chatbots, have expanded 
access to preventive care, particularly for underserved populations.34 Additionally, policy-
driven funding reallocation has prioritized community-based programmes, workplace mental 
health initiatives, and school-based interventions, fostering a more proactive approach to 
mental well-being.35 While these innovations hold considerable promise, their benefits have 
been demonstrated primarily in high-income country contexts. The applicability of findings 
to LMICs, where resource constraints, digital infrastructure gaps, and differing burden-of-
disease profiles create distinct implementation challenges, must be interpreted with caution 
and is further discussed in Section ‘Ethical and Accessibility Challenges in Prevention-
Oriented Mental Health Policies.’

Fig. 2 illustrates the maturity spectrum across prevention-oriented innovations, with early 
detection technologies at the research stage, digital solutions in mixed deployment, and 
funding/implementation strategies demonstrating strongest policy readiness.

Advances in early detection and screening tools
Prevention-focused mental health policies have significantly advanced early detection and 
screening methodologies, emphasizing the identification of at-risk individuals before 
clinical symptoms emerge.36 Key innovations include the development of genetic and 
neurobiological markers and the application of AI in screening tools.

• Genetic and neurobiological markers: Research into polygenic risk scores has shown 
promise in identifying individuals with a heightened genetic predisposition to mental 
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health disorders such as schizophrenia, bipolar disorder, and major depression.37 By 
analyzing the cumulative effect of multiple genetic variants, these scores can estimate 
an individual’s susceptibility to these conditions.38 Additionally, neuroimaging studies 
have identified structural and functional brain abnormalities associated with these 
disorders, providing potential biomarkers for early detection.39,40 Specific patterns 
in brain connectivity and activity have been linked to an increased risk of developing 
schizophrenia, enabling earlier and more targeted interventions.41

• AI-powered screening tools: The integration of AI into mental health screening has led 
to the development of machine learning algorithms capable of analyzing diverse data 
sources to detect early signs of mental health decline.42 AI models have been trained to 
assess speech patterns, social media activity, and data from wearable sensors to identify 
indicators of mental health crises.43 A study demonstrated that an AI tool effectively 
detected distress in hospital workers’ conversations with their therapists, suggesting 
potential applications for early screening of depression and anxiety.44 Furthermore, AI-
driven analysis of social media posts has been explored to identify early signs of mental 
health crises, with models achieving high accuracy.45

Taken together, these advances represent a significant conceptual shift in how risk 
identification is conceptualized, from clinical presentation to pre-symptomatic detection. 
However, comparing across these technologies reveals important differences in maturity 
and evidence base. Polygenic risk scores, while theoretically promising, remain primarily 
research tools with limited clinical validation outside controlled settings.46 AI-based tools 
vary substantially in their training datasets, transparency, and generalizability, with few 
validated studies conducted in LMIC populations.47 This heterogeneity in evidence quality 
means policymakers must exercise caution when translating these innovations into routine 
screening programmes, particularly before robust governance frameworks are established.

Digital mental health solutions
Prevention-oriented mental health policies have catalyzed the development and adoption 
of digital health technologies, offering scalable and accessible interventions to broader 
populations. Notable trends include the emergence of teletherapy platforms, AI-powered 
chatbots, mobile applications for self-monitoring and resilience training, and virtual reality 
(VR) interventions.
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Policy implementation

Increasing evidence & policy maturity

Research/early clinical

Early detection

• AI screening tools
• Polygenic risk scores
• Neuroimaging

Clinical deployment

• Teletherapy platforms
• AI chatbots (Woebot)
• Mobile apps (Headspace)
• VR exposure therapy

Digital solutions

• School-based programs
• Workplace initiatives
• Primary care integration

Funding/implementation

Fig. 2. Maturity spectrum of prevention-oriented mental health innovations. This diagram illustrates the comparative development stages across 3 core 
innovation domains driven by prevention policies. Early detection technologies (left) remain predominantly research-stage with limited clinical validation. 
Digital solutions (center) demonstrate mixed clinical deployment with moderate randomized controlled trial evidence, particularly for teletherapy. Policy-driven 
implementation strategies (right) show strongest evidence and highest policy readiness. The left-to-right progression highlights critical differences in evidence 
maturity and scalability that inform policy prioritization.
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• Teletherapy and AI chatbots: Digital platforms have expanded access to mental health 
services, particularly for individuals facing barriers to traditional therapy.48 AI-powered 
chatbots, such as Woebot and Wysa, provide immediate support through evidence-based 
techniques like cognitive-behavioural therapy (CBT), offering tools to manage mental 
health challenges around the clock.49 These chatbots are designed to supplement, rather 
than replace, conventional therapy.

• Mobile apps for self-monitoring and resilience training: A range of mobile applications 
has been developed to promote mental wellness through mindfulness, CBT, and 
behavioural tracking.50 For instance, Headspace offers guided meditation aimed at 
reducing stress and improving focus, while Moodfit provides mood tracking and CBT-
based exercises to enhance emotional well-being.51 These apps empower users to actively 
engage in their mental health care, fostering resilience and self-awareness.

• VR interventions: VR technology has been increasingly utilised in mental health 
interventions, particularly for exposure therapy and social skills training.52 VR-based 
exposure therapy immerses individuals in controlled environments to confront and 
manage fears, showing promise in preventing and treating conditions including post-
traumatic stress disorder (PTSD) and social anxiety.53 A meta-analysis suggested that 
VR exposure therapy is effective for PTSD and depression symptoms, with benefits 
maintained for up to 6 months.54

Critically, the evidence base for these digital solutions is not uniform. Teletherapy and 
mindfulness applications have comparatively stronger evidence from randomized controlled 
trials, particularly in high-income settings.55 By contrast, AI chatbot interventions remain 
at earlier stages of clinical validation, with most studies limited by small sample sizes and 
short follow-up periods.56 VR interventions, while promising, carry significant cost and 
infrastructure barriers that currently restrict their applicability in LMICs and resource-
constrained settings.57 This differential evidence maturity should inform how policymakers 
prioritize and regulate digital mental health adoption under prevention frameworks.

Policy-driven funding reallocation
The shift toward prevention in mental health policy has led to a significant reallocation 
of funding, emphasizing community-based and public health initiatives.57 This strategic 
redirection aims to address mental health issues proactively, reducing the incidence and 
severity of disorders through early intervention and support.

• Increased investment in school-based mental health programmes: Governments have 
augmented funding for mental health services within educational settings, recognizing 
the critical role of early-life experiences in mental health.58 These programmes focus 
on early identification of mental health issues, counselling services, and promoting 
well-being among students.59 Doran and Kinchin60 showed that mental illness leads to 
early school leaving, lower employment rates, reduced income, and massive long-term 
economic costs to society, projecting trillions in future burden. It demonstrates how 
unaddressed mental health problems directly harm both individual life outcomes and 
national economies.

• Expansion of workplace mental health policies: Employers are increasingly 
implementing mental health initiatives to support employee well-being, recognizing 
that a healthy workforce enhances productivity and reduces absenteeism.61 Policies such 
as mental health days, employee assistance programmes, and wellness activities are 
becoming more prevalent.62
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• Integration of mental health services in primary care settings: Integrating mental health 
services into primary care is a key strategy to improve accessibility and reduce stigma.63 By 
providing mental health support within general healthcare settings, individuals are more 
likely to seek help early, leading to better outcomes.64

While these initiatives enhance accessibility and aim to reduce the long-term burden of 
mental health disorders, concerns have been raised about potential reductions in funding 
for SMI treatment programmes. Critics argue that the focus on prevention and early 
intervention may divert resources from individuals requiring intensive, specialized care. For 
example, recent changes in the UK’s National Health Service (NHS) have been criticized for 
deprioritizing mental health and dementia care by reducing specific performance targets, 
potentially leading to neglect in these areas.65 This tension between prevention investment and 
sustained treatment funding represents one of the most critical policy design challenges in 
this field and is addressed further in Section ’Future Directions and Policy Recommendations.’

ETHICAL AND ACCESSIBILITY CHALLENGES IN 
PREVENTION-ORIENTED MENTAL HEALTH POLICIES
While prevention-oriented mental health policies offer significant benefits, they also present 
complex challenges and ethical dilemmas.14 Issues such as disparities in access to preventive 
care, privacy concerns in AI-driven risk assessments, and the potential stigmatization of 
individuals identified as “high-risk” require careful consideration.66 Additionally, there 
is growing concern that shifting resources toward prevention may inadvertently reduce 
funding for critical services needed by individuals with SMI.13 Ethical debates also arise 
regarding the balance between early intervention and personal autonomy, as well as the 
risks of overdiagnosis.14 These challenges are particularly acute in global contexts, where 
prevention-oriented innovations developed in high-income countries are applied, often 
without adaptation, to settings with substantially different health system capacities, cultural 
frameworks, and social determinants of risk.

Disparities in access to preventive care
Despite the promise of prevention-oriented mental health policies, significant disparities in 
access to preventive care persist, influenced by socioeconomic factors, digital literacy gaps, 
and regional differences.67 Individuals from lower socioeconomic backgrounds often face 
barriers such as lack of insurance coverage, high out-of-pocket costs, and limited availability 
of mental health professionals in their communities, hindering their ability to engage in early 
intervention programmes.68 Studies highlight that even among insured patients, issues such 
as inadequate coverage and high costs impede access to mental health services.69

Digital literacy gaps further exacerbate these disparities, as many preventive interventions 
increasingly rely on technology-based solutions.70 Individuals lacking access to digital devices 
or the skills to use them are less likely to benefit from teletherapy, mental health apps, or online 
support groups.71 This digital divide disproportionately affects older adults, rural populations, 
and certain minority groups, limiting the reach of innovative preventive measures.72 Regional 
differences also play a critical role, with rural areas often experiencing shortages of mental 
health professionals and services.73 According to the Association of American Medical Colleges, 
more than half of US counties, many of which are rural, have no practicing psychiatrists, 
making access to preventive care challenging for residents in these regions.73
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The access challenge is most pronounced in LMICs, where mental health workforce 
shortages, limited health financing, and poor digital infrastructure create substantial barriers 
to the implementation of prevention-oriented innovations.13 Task-shifting approaches, 
delegating mental health care functions to community health workers and lay counsellors, 
have shown promise in some LMIC contexts as a strategy to extend the reach of prevention 
programmes, though evidence on their scalability and quality remains mixed.74 Policymakers 
must therefore develop context-sensitive access strategies that do not presuppose digital 
infrastructure or clinical workforce capacities that are unavailable in many global settings.

Ethical concerns in AI-driven risk prediction, data privacy, and algorithmic bias
The integration of AI and genetic screening into mental health prevention strategies offers 
promising avenues for early detection and intervention.36 However, these advancements 
raise significant ethical concerns that must be carefully addressed to ensure responsible 
implementation.

• Risk of false positives and stigma: AI algorithms and genetic screenings can yield false 
positives, incorrectly identifying individuals as high-risk for mental health disorders.14 
Such mislabeling can lead to unintended consequences, including discrimination in 
employment, insurance, and social relationships.75 The stigma associated with being 
labelled as predisposed to mental illness can adversely affect an individual’s self-esteem 
and social interactions.76

• Privacy and data security: AI-driven mental health tools often collect and analyze sensitive 
personal data, including genetic information, behavioural patterns, and psychological 
profiles.77 The aggregation and storage of such data pose significant privacy and security 
risks. Unauthorized access or data breaches can lead to misuse of personal information.78 
Additionally, there are concerns about data being used without consent for purposes 
beyond the individual’s control, such as in marketing or unauthorized research.79

• Algorithmic bias and discrimination: AI models trained predominantly on data from 
high-income, Western populations risk generating biased predictions when applied to 
underrepresented groups, including ethnic minorities, individuals from LMICs, and those 
from lower socioeconomic backgrounds.80 Algorithmic bias can systematically misclassify 
or under-detect risk in certain populations, exacerbating rather than reducing existing 
mental health inequalities. This is a governance concern of particular relevance to global 
health contexts, where locally developed and validated tools are often unavailable.81

Addressing these ethical concerns requires the development of comprehensive guidelines 
and regulatory frameworks that prioritize individual rights, algorithmic transparency, and 
equity. This includes implementing strict data protection protocols, ensuring explainability 
in AI decision-making processes, and mandating inclusive data collection practices. Public 
engagement and community participation in the design of AI screening tools are also 
essential to navigating these complex ethical dimensions responsibly.

Potential neglect of SMI treatment
The increasing emphasis on prevention in mental health policy has raised concerns about 
the potential diversion of resources from individuals with SMIs who require ongoing, 
intensive support. While preventive measures aim to reduce the incidence of mental health 
disorders, it is crucial to ensure that this shift does not lead to the neglect of those already 
affected by SMIs.
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Recent policy changes have sparked debates regarding the balance between prevention 
and treatment. For instance, the UK government’s planned overhaul of the NHS has 
been criticized for deprioritizing mental health and dementia care by reducing specific 
performance targets.82,83 Critics argue that such changes could lead to neglect in mental 
health care, especially with over 2 million people on mental health waiting lists.35

Furthermore, the reallocation of funding toward preventive initiatives may inadvertently 
reduce the resources available for existing treatment programmes.84 This shift poses 
ethical and practical challenges, as individuals with SMIs often rely on specialized services 
for their daily functioning and quality of life. Ensuring that these individuals continue 
to receive adequate care is essential to uphold their rights and well-being.85 A balanced 
policy framework must therefore treat prevention investment and SMI treatment funding 
as complementary rather than competing priorities, with ring-fenced resources and clear 
accountability mechanisms to prevent erosion of treatment services under the guise of 
prevention reform.

While prevention-oriented mental health policies offer substantial benefits, their effective 
implementation faces critical challenges (Fig. 3). These include disparities in access to 
preventive care based on socioeconomic status, digital literacy, and geographic location; 
ethical concerns related to early detection, risk prediction, and data privacy; and the potential 
diversion of resources from individuals with SMI requiring ongoing treatment.

FUTURE DIRECTIONS AND POLICY RECOMMENDATIONS

This section consolidates the policy implications emerging from the preceding analysis. 
Rather than presenting discrete recommendations across fragmented subsections, the 
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Fig. 3. Key challenges in implementing prevention-oriented mental health policies: disparities in access, ethical 
considerations, and potential neglect of SMI treatment. 
SMI = severe mental illness.

Pr
ov
isi
on
al

Pr
ov
isi
on
al



following priorities are proposed as an integrated framework to guide the equitable, ethical, 
and effective implementation of prevention-oriented mental health innovation.

Equitable access and global applicability
Ensuring equitable implementation of preventive mental health interventions requires 
addressing the structural and infrastructural barriers identified in Section ‘Ethical and 
Accessibility Challenges in Prevention-Oriented Mental Health Policies.’ Key priorities 
include expanding access to digital mental health tools for underserved populations, 
including through investment in reliable and affordable digital infrastructure86,87; integrating 
mental health screenings into routine healthcare visits across all socioeconomic groups and 
health system levels88; and developing prevention strategies that are explicitly contextualized 
for LMICs, including community-based, low-technology, and task-shifting approaches that 
do not require specialist workforces or high-cost digital platforms.86

High-income country models of digital prevention cannot be transposed wholesale to 
LMIC settings without adaptation.89 Future policy design should explicitly account for 
differing social determinants, health system capacities, and population needs, with 
investment in locally generated evidence to inform context-appropriate innovation.

Ethical governance and regulatory oversight of AI
The integration of AI and predictive analytics into mental health prevention necessitates 
robust ethical and regulatory frameworks.90 These should include: establishing guidelines 
for responsible AI use in mental health prediction, addressing informed consent, privacy, 
transparency, and algorithmic bias91; implementing the “Canada Protocol” or similar 
ethical checklists to guide AI deployment in suicide prevention and mental health92; 
enacting and enforcing legal safeguards against discrimination based on mental health risk 
scores, particularly in employment and insurance contexts93; and mandating diversity and 
representativeness in training datasets to minimize algorithmic bias across populations.94

Balanced and accountable resource allocation
Achieving balance between preventive mental health initiatives and treatment services 
for those with SMI requires deliberate policy design.84 Key strategies include maintaining 
dedicated funding streams for crisis care, inpatient services, and long-term SMI treatment 
alongside preventive investments; fostering interdisciplinary collaboration between 
prevention specialists and clinicians treating SMI, exemplified by the Collaborative Care 
Model95; and establishing accountability mechanisms to monitor whether prevention 
investment results in reductions to treatment funding, with corrective measures where 
inequities emerge.13

Longitudinal research and evidence generation
Advancing preventive mental health strategies necessitates robust research to evaluate 
their long-term efficacy and identify potential unintended consequences. This includes 
conducting longitudinal studies to assess the effectiveness of early interventions across 
diverse populations and health systems15; investigating unintended consequences of 
prevention-focused policies, including stigma amplification, overdiagnosis, and treatment 
displacement4; and prioritizing research on the applicability and adaptation of prevention 
innovations in LMIC settings, where the evidence base remains critically underdeveloped.13
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CONCLUSION

The transition from treatment-focused to prevention-oriented mental health policies 
represents a significant shift in healthcare strategy, with far-reaching implications for how 
mental health innovation is conceptualized, funded, and governed. This approach has 
spurred innovations in early detection, digital health solutions, and integrated care models, 
contributing to a more proactive mental health care system. However, challenges such as 
disparities in access to preventive services, ethical concerns regarding the use of predictive 
analytics, algorithmic bias, and the potential neglect of individuals with SMIs necessitate 
careful and evidence-informed policy navigation. To address these issues, it is essential 
to implement equitable preventive interventions, establish robust ethical and regulatory 
frameworks for emerging technologies, explicitly incorporate global health perspectives, 
particularly regarding LMICs, and ensure balanced resource allocation between preventive 
initiatives and treatment services. By adopting a balanced, evidence-based approach, 
policymakers can ensure that mental health innovations effectively and equitably serve 
diverse populations, ultimately improving mental health outcomes across society.

Limitations of the review
While this narrative review provides a comprehensive analysis of the shift from 
treatment-focused to prevention-oriented mental health policies, several limitations must be 
acknowledged. First, this review was conducted as a narrative review and does not adhere to the 
PRISMA guidelines, which are designed for systematic reviews. As a consequence, no formal 
record was kept of the number of studies identified, screened, or excluded across literature 
search phases. No structured data extraction template was employed, and no quantitative 
evidence synthesis was undertaken. These constraints are inherent to the narrative review 
format, which prioritises integrative conceptual synthesis over methodological rigour and 
reproducibility, and readers should interpret the findings accordingly.

Second, as a narrative review, this study does not follow a systematic review methodology, 
meaning there is a risk of selection bias in the included literature. While efforts were made 
to incorporate diverse and reputable sources, the absence of a standardised inclusion and 
exclusion process may limit the generalisability of findings.

Third, the review primarily emphasises English-language publications, which may exclude 
valuable insights from non-English-speaking regions. Since mental health policies and 
innovations vary considerably across countries, some culturally specific approaches to 
prevention may not be adequately represented.

Fourth, and critically, much of the available evidence reviewed here is drawn from high-income 
countries, particularly the US, UK, and Western Europe. LMICs are substantially underrepresented 
in the literature on prevention-oriented mental health innovation, which limits the global 
applicability of the conclusions drawn in this review. This is an acknowledged limitation that future 
research should explicitly address through targeted evidence synthesis from LMIC contexts.

Finally, the rapidly evolving nature of mental health policies and innovations means that 
some of the findings presented in this review may become outdated as new research and 
policy changes emerge. Future research should aim to conduct systematic reviews and 
empirical studies that assess the long-term impacts of prevention-focused policies, ensuring 
that innovation in mental health care remains evidence-based, equitable, and effective.
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