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ARTICLE OPEN

Molecular Diagnostics

Transcriptome profiles of stem-like cells from primary breast
cancers allow identification of ITGA7 as a predictive marker
of chemotherapy response
Noha Gwili1,2,12, Stacey J. Jones1,3,12, Waleed Al Amri4, Ian M. Carr1, Sarah Harris5, Brian V. Hogan3, William E. Hughes6,7, Baek Kim3,
Fiona E. Langlands8, Rebecca A. Millican-Slater9, Arindam Pramanik1, James L. Thorne 10, Eldo T. Verghese9, Geoff Wells11,
Mervat Hamza2, Layla Younis2, Nevine M. F. El Deeb2 and Thomas A. Hughes 1✉

© The Author(s) 2021

BACKGROUND: Breast cancer stem cells (BCSCs) are drivers of therapy-resistance, therefore are responsible for poor survival.
Molecular signatures of BCSCs from primary cancers remain undefined. Here, we identify the consistent transcriptome of primary
BCSCs shared across breast cancer subtypes, and we examine the clinical relevance of ITGA7, one of the genes differentially
expressed in BCSCs.
METHODS: Primary BCSCs were assessed using immunohistochemistry and fluorescently labelled using Aldefluor (n= 17).
Transcriptomes of fluorescently sorted BCSCs and matched non-stem cancer cells were determined using RNA-seq (n= 6). ITGA7
expression was examined in breast cancers using immunohistochemistry (n= 305), and its functional role was tested using siRNA in
breast cancer cells.
RESULTS: Proportions of BCSCs varied from 0 to 9.4%. 38 genes were significantly differentially expressed in BCSCs; genes were
enriched for functions in vessel morphogenesis, motility, and metabolism. ITGA7 was found to be significantly downregulated in
BCSCs, and low expression significantly correlated with reduced survival in patients treated with chemotherapy, and with
chemoresistance in breast cancer cells in vitro.
CONCLUSIONS: This study is the first to define the molecular profile of BCSCs from a range of primary breast cancers. ITGA7 acts as
a predictive marker for chemotherapy response, in accordance with its downregulation in BCSCs.

British Journal of Cancer; https://doi.org/10.1038/s41416-021-01484-w

BACKGROUND
Breast cancer is the most diagnosed cancer and leading cause
of cancer death in women worldwide [1]. Primary cancers are
typically treated with surgery mostly combined with systemic
therapies, including cytotoxic chemotherapy in around one-third
of cases, aiming to reduce distant recurrence risk [2]. Once
metastases develop, these are terminal, although patients can
survive for some years supported by a succession of further
therapies [2].
Initiation, propagation and metastasis may be driven by rare

cancer cells referred to as cancer stem, or stem-like, cells (CSCs),
which have some properties associated with stem cells from
healthy tissues, including self-renewal and multi-potent differ-
entiation [3, 4]. The CSC model contends that CSCs are the key
fully transformed and malignant cancer component that supports

carcinogenesis through both self-renewal and limited differentia-
tion into bulk tumour cells, which themselves do not have
complete malignant properties [3, 5]. Importantly, CSCs are
directly associated with metastases through their ability to seed
new tumour foci to distant sites [5–7], in part by transitioning
between epithelial and mesenchymal behaviours to invade and
disseminate [8]. Also, CSCs are more resistant to radiotherapy and
chemotherapy than bulk tumour cells and this is believed to be a
key factor in recurrences [5, 9]. Therefore, improved knowledge
concerning characteristics of breast cancer stem-like cells (BCSCs)
will aid design of novel therapies targeting them, in order to
reduce recurrences and improve outcomes [10].
BCSCs have been investigated in primary tumours, cell lines and

mouse models using various markers, including CD44/CD24 [4, 6],
CD133 [11], ITGA6 [12] and high expression [7] or activity [7, 13]
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of aldehyde dehydrogenase 1 (ALDH1) as assessed by Aldefluor
assays. Interestingly, recent studies suggest that some markers
identify different, although substantially overlapping BCSC
populations. For example, CD44 high/CD24 low BCSCs are more
mesenchymal-like, with lower proliferation rates and higher
invasive capacities, while ALDH1 positive BCSCs are more
epithelial-like, with higher proliferation and lower invasive
capacities [8]. However, other data suggest that further BCSC
subsets combine both mesenchymal and epithelial characteristics
[14]. There is no consensus on the definitive markers for analysis of
BCSCs, with different markers identifying groups of cells that are
enriched in BCSC-properties but also demonstrate different
behaviours [15]. Very few studies have characterised expression
profiles from isolated BCSC and overwhelmingly only in cell lines
[16–18], therefore molecular differences between BCSCs and bulk
tumour cells in human breast cancers remain obscure. Only two
published studies have defined transcriptomes of human primary
BCSCs, involving either one patient [19], or two HER2-positive
patients [20]. Here, we provide, transcriptome data for primary
human BCSCs from multiple molecular and histopathological
cancer subtypes, and we compare these to matched bulk tumour
cells thereby defining key, subtype-independent, BCSC character-
istics using a mixed cohort 3-times larger than the largest previous
work [20]. We also demonstrate the utility of this profile, by
examining impacts of one of the deregulated genes, ITGA7, in
further cohorts and in tissue culture, thereby defining ITGA7 as a
predictive marker of chemotherapy response, in accordance with
the known chemoresistance of BCSCs [21].

METHODS
Patients, ethics, clinical samples/data
Prospective work (ethical permission from Leeds [East] REC [15/YH/0025]):
17 female patients undergoing resections for primary breast cancer at St
James’s University Hospital (Leeds) were recruited from 9/2016 to12/2016.
Exclusion criteria were tumours estimated as <1 cm on pre-operative
imaging, or neoadjuvant therapy. Two or three core biopsies were
obtained from fresh cancer tissue immediately after excision. The 17 cases
described are the entire cohort recruited for these experiments; we have
not excluded any further cases for which assays failed. Cores were placed
in RPMI (Thermo Fisher; Waltham, USA) (4 °C) and were processed
immediately. Archival cancer blocks and clinicopathological data were
collected from histopathology and hospital databases. Retrospective work
(ethical permission from Leeds [East] REC [06/Q1206/180]): this cohort has
been described previously [22]; brief details follow. Tissue microarrays
(TMAs) were used containing treatment-naïve cancer tissue (three cores
per case) from 305 patients treated with adjuvant chemotherapy,
supported by clinicopathological data and outcomes follow up (Table
S1). Disease-free survival (DFS) was defined as time from primary diagnosis
to recurrence, while disease-specific survival was time from primary
diagnosis to death from cancer. Patients gave informed, written consent
for use of tissues/data in accordance with ethical permissions, and the
study protocol conformed to the Declaration of Helsinki. Data are reported
in accordance with REMARK where appropriate [23]. Figure S1 shows a
flow-scheme clarifying cohorts used and which assays were performed.

Aldefluor labelling and flow-cytometry/sorting
Single cell suspensions were prepared from core biopsies by mechanical
and enzymatic digestion using GentleMACS dissociators and tumour
dissociation kits (Miltenyi Biotech; Bergisch-Gladbach, Germany), according
to the manufacturer’s instructions (further details in Supplementary
methods), into total volumes of 1 ml. Total cell numbers ranged from
145,000 to >1.5 million. Stem-like cells were labelled based on ALDH
activity by Aldefluor assays (StemCell technologies; Vancouver, Canada)
[7, 13] according to the manufacturer’s instructions. Briefly, single cell
suspensions were incubated with substrate BODIPY aminoacetaldehyde
(BAAA), for 45 min (37 °C), both without (test) and with (control) 15 μM
diethylaminobenzaldehyde (DEAB), a specific inhibitor of ALDH. Labelling
of hemopoietic cells was achieved using 1/50 V450-labelled mouse anti-
human CD45 (BD Biosciences, San Jose, USA), incubated for 30min (4 °C),
followed by washes. 10 μg/ml 7-Aminoactinomycin D (7-AAD) (LKT Labs,

Saint Paul, USA) was added and incubated for 5 min (4 °C) in the
dark immediately before analysis, in order to label lysed cells through
nuclear staining. Cells were analysed or analysed/sorted immediately
after completion of labelling using the Attune flow-cytometer (Applied
Biosystems; Carlsbad, USA) or the Influx cell sorter (BD Biosciences; San
Jose, USA). Analyses were of 10,000 to >850,000 events (greater when
sorting), gating on live nucleate cells on forward scatter/side-scatter, live
cells by excluding 7-AAD positives, and non-hemopoietic cells by
excluding CD45 positives (Fig. S2). Aldefluor positive cells were defined
using gates set for each individual sample, based on accepting ~1%
positivity in matched DEAB-inhibited negative controls, with quoted values
representing test minus control percentage. It should be noted that this
gating strategy does not specifically exclude mesenchymal cells or normal
breast epithelial cells. Sorted cells were stored as cell pellets at −70 °C
before RNA extraction. Aldefluor fluorescence (BL1): excitation, 488 nm;
emission, 530/30 nm LP filter. 7-AAD fluorescence (BL3): excitation, 488 nm;
emission, 640 nm LP filter. CD45-V450 fluorescence (VL1): excitation, 405
nm; emission, 450/40 nm LP filter.

Transcriptome profiling and analysis
RNA was extracted from BCSC (Aldefluor positive) or bulk cell (Aldefluor
negative) populations and RNA-seq was performed and analysed as
described in the Supplementary Methods. Sequencing data have been
uploaded to NCBI BioProject, reference PRJNA642867.

Immunohistochemistry
Immunohistochemistry was performed broadly as previously [24] and is
described in the Supplementary Methods. In brief, sections were taken
onto glass slides and were dewaxed (xylene) and rehydrated (descending
ethanol grades). Antigens were retrieved by heating in citric buffer and
slides were blocked in hydrogen peroxide. Slides were incubated with 1:50
mouse monoclonal anti-ALDH1 antibody (BD Biosciences; San Jose, USA) in
Antibody Diluent (1 h room temperature) or 1:100 rabbit polyclonal anti-
ITGA7 antibody (ab75224; Abcam; Cambridge, USA) in Antibody Diluent
(overnight 4 °C). For ALDH1, IHC was completed using anti-mouse Envision
reagents (Dako; Glostrup, Denmark) following the manufacturer’s proto-
cols, while for ITGA7 SignalStain Boost IHC detection Reagent (HRP, Rabbit)
and SignalStain DAB substrate were used (Cell Signalling Technology;
Massachusetts, USA). Slides were counterstained with Mayer’s Haematox-
ylin (2 min). Finally, slides were washed, dehydrated (ascending grades of
ethanol), cleared (xylene) and mounted in DPX (Fluka; Gillingham, UK).
Sections were digitally scanned using ScanScopeXT (20×) and scored using
Webscope (Aperio; Vista, USA). NG (specialist histopathologist) scored
ALDH1. Cytoplasmic ALDH1 expression in tumour cells was assessed in
terms of percentage of positively stained tumour cells and staining
intensity, giving totals of 0–15. For ITGA7, SJJ and RAM-S (breast consultant
histopathologist) scored and the scoring protocol was developed in
consultation with RAM-S. Cytoplasmic and nuclear staining were scored
separately, based on intensity and proportion, giving final scores of 0–8.
SJJ scored all cores, while RAM-S scored 10% of cores independently;
Cohen’s Kappa statistic indicated near perfect agreement between scorers
(0.83 for nuclear; 0.88 for cytoplasmic ITGA7), demonstrating scoring was
robust and reproducible. ITGA7 scores for each case were means of scores
from each core representing that case.

In silico analyses: expression data mining and structure
visualisation
METABRIC data were accessed on 7/2/2021 via cbioportal [25], as reported
previously [26]. Records with ITGA7 expression data and suitable clinical
annotation were identified (n= 1903). Cases were dichotimised into low
and high ITGA7 expression using receiver operator curve analyses [27].
Visualisation of molecular structures from X-ray crystallography and
homology modelling was performed using the Chimera software [28].

Tissue culture, transfections and MTT assays
MCF7 cells were purchased (ATCC) and cultured in DMEM, 10% FCS
(Thermo Fisher; Waltham, USA), 95% air/5% CO2 at 37 °C. Cell line identity
was confirmed (STR profiles, Leeds Genomics Service) and cultures were
consistently Mycoplasma negative (MycoAlert; Lonza; Basel, Switzerland).
Cells were transfected with ITGA7 specific siRNA (#SR320703) or non-
targeted control siRNA from OriGene (Rockville, USA) using Lipofectamine
3000 in OptiMEM media (ThermoFisher, MA, USA) for 18 h, before medium
was replaced with full fresh medium. Epirubicin hydrochloride
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(Sigma-Aldrich; St Louis, USA) was prepared as a 10mM stock in water, and
was diluted in medium for treatment of cells for up to 72 h. MTT (3-(4,5-
dimethylthiazol-2-yl)−2,5-diphenyltetrazolium bromide) assays were per-
formed as previously [22].

Western blots and immunofluorescence
Cells were washed in PBS (4 °C) and then incubated with lysis buffer (10
mM HEPES pH 7.9, 10 mM KCl, 0.1 mM EDTA, 0.4% IGEPAL CA-630 [Sigma-
Aldrich; St Louis, USA], 1 mM DTT and Halt protease/phosphatase inhibitor
[ThermoFisher; Waltham, USA]) for 10min (room temperature). Cells and
buffer were collected and centrifuged at 15000 g for 3 min (4 °C). Proteins
within supernatants were quantified using Bradford reagent (Merck; New
Jersey, USA). Proteins were denatured in Laemmli buffer (ThermoFisher;
Waltham, USA), 5 min at 90 °C, and equal masses in each lane were
separated on 4–12% polyacrylamide gels (BioRad; Watford, UK). Proteins
were transferred to PVDF and blocked with 5% non-fat milk in TBST (Tris
Buffered Saline, 0.1% Tween-20) for 45min. Membranes were incubated
with antibody against ITGA7 (as above) or rabbit monoclonal antibody
against β-actin (4970S; Cell Signalling Technologies; Beverly, USA) at 1:2000
in TBST overnight (4 °C), and then with HRP-tagged secondary antibody
(Cell Signalling Technologies; Beverly, USA) at 1:4000 in TBST for 3 h (room
temperature). Results were visualised using Pierce ECL reagents (Thermo-
Fisher, Waltham, USA) by ChemiDoc (BioRad; Watford, UK). Densitometry
was performed using ImageJ (NIH Freeware, USA). For immunofluores-
cence, cells were seeded on coverslips. Cells were washed in PBS and fixed
with 4% paraformaldehyde (Merck; New Jersey, USA) in PBS for 10min
(room temperature). Cells were washed (PBS, x3) and permeablized with
0.2% Triton X-100 (Merck; New Jersey, USA) in PBS at 4 °C for 10min. Cells
were washed (PBS) and blocked with 5% FBS in PBS (4 °C, 1 h). Cells were
incubated with antibody against ITGA7 (as above) at 1:200 dilution in wash
buffer (0.5% FBS, 0.05% Tween-20 in PBS) overnight (4 °C). Further washes
were performed (wash buffer) and cells were incubated with 4 µg/ml
AlexaFluor-633 labelled goat anti-rabbit secondary antibody (A-21070;
ThermoFisher; Waltham, USA) for 1 h (room temperature; dark). Cells were
then washed (wash buffer), mounted in 50% glycerol containing 2 µg/ml
DAPI, and analysed using confocal microscopy (Nikon A1R; Nikon;
Melville, USA).

Statistical analyses
Statistical analyses were performed using SPSS v19 (SPSS; Chicago, USA) or
Prism (v7 or v8) (GraphPad, San Diego, USA). Statistical tests used are
described in figure legends, in the results text, or in the Supplementary
methods.

RESULTS
Fluorescent labelling of stem-like cancer cells from primary
breast cancers
Our first aim was to establish protocols by which BCSCs can be
labelled in primary breast cancers to allow their separation from
bulk tumour cells and from stromal (non-cancer) cells. To achieve
this, we accessed fresh primary breast tumour tissue from an initial
cohort of 11 cases. Tissues were treated immediately to form
single cell suspensions, and stem-like cells were labelled using
Aldefluor assays that fluorescently label BCSCs because of their
strong ALDH activity [7, 13]. A key control is use of the specific
ALDH inhibitor, DEAB. Cells were treated for Aldefluor labelling in
parallel with and without DEAB, allowing confirmation that
fluorescent-labelling was associated with ALDH activity by
comparison with inhibited controls. Flow-cytometry was used to
assess proportions of cells that were fluorescently labelled
dependently on ALDH activity. For our first 3 cases, we gated
initially on nucleated cells using forward and side scatter, thereby
excluding red blood cells and cell debris, and then assessed
proportions of Aldefluor positivity. For subsequent cases, we
added further complexity, by additionally gating on cells that did
not take up the DNA-binding dye 7-AAD, thereby excluding any
non-viable cells that would be dye permeable, and gating on cells
that were negative for CD45, thereby excluding hemopoietic cells
(Fig. S2). Having refined this protocol, we then performed
assays on 6 further cases, and used fluorescence-activated cell Ta
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sorting to collect cells from both Aldefluor positive (BCSCs) and
Aldefluor negative (bulk cancer cell) populations. Table 1 shows
clinicopathological features of all 17 cases (the initial 11 cases
[cases 1-11], and the subsequent 6 [cases 12–17] from which we
sorted BCSCs), along with proportions of cells defined as
Aldefluor positive (BCSCs). These proportions varied substantially
from 0 to 9.4% (mean 3.8%) - values that are in line with studies
using patient-derived xenografts [29, 30] that provide the best
available comparator.

ALDH1 protein expression did not correlate with ALDH
activity
Next, we were interested to establish whether our determination
of BCSC populations was a simple reflection of ALDH1 expression,
or whether the activity assay gives an additionally subtle
assessment of true functional relevance. Therefore, we assessed
ALDH1 expression in tumour tissues from our 17 cases using
immunohistochemistry and compared this with Aldefluor positiv-
ity. ALDH1 positive staining was detected in tumour cell
cytoplasm and was quantified in terms of percentage of positively
stained tumour cells and their intensity, which were combined to
give scores from 0 (no staining) to 15 (strong staining in >66% of
cells), as previously for ALDH1 [7, 13]. Some ALDH1 expression was
also seen focally in adjacent normal tissue and in stromal cells
within the cancers, although this was not quantified. Representa-
tive ALDH1 staining is shown (Fig. S3).
ALDH1 expression in tumour cells was observed in 13 cases

(76.5%) and was detectable in a minority of cells in all but one of
these. The median percentage positivity was 1% (range 0–65%),
which is compatible with the literature [13] and the concept that
stem-like cells are rare. Intensity of positive tumour cell staining
varied from weak (6 cases), moderate (6 cases), to strong (1 case).
Overall scores, therefore, ranged from 0 to 12 (median 1) (Table 1).
Correlations between ALDH activity, assessed as Aldefluor positive
proportion, and ALDH1 expression, assessed by IHC as either
combined proportion/intensity scores or—more simply—percen-
tages of ALDH1 positive tumour cells, were determined using
Spearman’s correlation tests. No significant correlations were
found using either measure of ALDH1 expression (proportion/
intensity scores r= 0.08; p= 0.75; percentage positivity r= 0.12,
p= 0.64). We concluded that assessment of proportions of
Aldefluor positivity does not simply reflect total ALDH1 protein
expression but provides a more subtle functional assay, as has
been reported previously [31, 32].

Stem-like and bulk breast cancer cells differ significantly in
their transcriptomes
Our next aim was to define transcriptomes of stem-like and, for
comparison, matched bulk cancer cells. Therefore, we extracted
total RNA from BCSC (Aldefluor positive) and the bulk cancer cell
(Aldefluor negative) populations sorted from the final 6 breast
cancers of our cohort. These cases represented a variety of
histologies and examples of ER positive and negative cancers,
and HER2 positive and negative cancers (Table 1); although
ER-negative/HER2-positive disease was not included. RNA was
sequenced and expression profiles for each sample were
determined. The numbers of aligned sequencing reads for each
sample are shown in Table S2. Relationships between these
profiles were initially analysed using unsupervised hierarchical
clustering (Fig. 1a) and principal component analyses (PCA)
(Fig. 1b). These analyses revealed that overall, pairs of matched
samples from individual cases were more closely related to each
other, than relationships within the BCSC or bulk compartments
across cases, as evidenced by paired hierarchical clustering in 4
cases, and 3 of the Aldefluor positive samples being closest to
their paired sample in PCA. However, 2 cases showed little
evidence of pairing, with patient 14 demonstrating particularly
extreme PCA separation of matched samples. Unsupervised

clustering and PCA were repeated excluding this case (Fig. 1d,
e); matched BCSC and non-stem profiles now paired perfectly for
the remaining cases in both clustering and PCA. We also used PCA
to test whether BCSC receptor status was a key factor in defining
their characteristics; PCA was repeated with only the 6 BCSCs
samples and groupings of HER2-positive vs HER2-negative, and
ER-positive vs ER-negative samples were examined (Fig. S4). There
was some suggestion of the samples grouping according to
HER2 status, although the trend was weak with substantial
variation within the groups. By contrast, there was no suggestion
of separation by ER status, although this analysis is compromised
by the fact that there was only one ER-negative case.
Next, we analysed transcriptomes to identify significantly

differentially expressed transcripts between BCSCs and bulk
tumour cells, using all 6 paired samples, or only 5 pairs
(excluding case 14). After correction for multiple testing, 55
differentially expressed transcripts were identified using all
samples (54 downregulated in BCSCs, and—surprisingly—only
1 upregulated) and 130 transcripts were identified using the 5
pairs (118 downregulated, 12 upregulated). Transcripts are listed
in Table S3, along with mean fold-differences in expression and
statistical significances (multiple testing adjusted p values). 95%
of transcripts from analysis of all samples were also present on
the 5 pairs list, while the 5 pairs list was 59% unique. Supervised
hierarchical clustering was performed using these differentially
expressed genes (Fig. 1c, f). Using data from all samples (Fig. 1c),
expression of these transcripts clustered all BCSC samples
together, although this cluster also included the bulk cell sample
from case 14, again demonstrating that this case was an outlier.
When case 14 was excluded (Fig. 1f), BCSC and bulk samples
clustered separately accurately. It is tempting to speculate as to
why case 14 appears to behave differently; this might relate to it
being the only representative of lobular pleomorphic histology
within the sequencing dataset, however, the analysis is under-
powered to secure this conclusion.
The 8 most up- and downregulated genes within BCSCs from

both analyses are listed (Table 2), when available, which included
both coding and non-coding genes showing up to 1000-fold
differential expression. Upregulated genes, although fewer than
downregulated, included PDGFRA, which has previously been
reported as upregulated in BCSCs [19, 33], and SFRP2, which can
promote stem-like behaviours such as induction and survival of
breast metastases [34]. Whereas, downregulated genes included
GJA4, which is a component of gap junctions that are down-
regulated in CSCs [35], and BTNL9 and ITGA7, which are proposed
tumour suppressors in breast [36, 37]. It is interesting to note that
ALDH transcripts were not significantly differentially expressed
after correction for multiple testing, although expression of both
ALDH1A1 and ALDH1A3, ALDH family members thought to
contribute most to stem phenotypes [38], were significantly
upregulated in BCSCs before correction (means of 5.8 and 3.4-fold
respectively with all cases, and means of 9.8 and 6.5-fold with 5
cases). We concluded that we had successfully identified
transcripts associated with BCSCs from a range of primary breast
cancers.

Genes associated with BCSCs are enriched for specific
functions
Next, we were interested to examine whether specific molecular
functions were over-represented within the differentially
expressed transcripts, which would give insight into how BCSCs
functionally differ from bulk cancer cells. Differentially expressed
transcripts were resolved into differentially expressed genes,
noting that many were alternative-splices from fewer genes. 38
and 88 separate genes were included within the differentially
expressed transcripts from all 6 cases or the 5 cases respectively.
The lists were highly overlapping, with only 2 genes on the shorter
list not represented on the longer. Differentially expressed genes
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Fig. 1 Expression profiles define consistent features of BCSCs. BCSCs (Aldefluor positive, +) and matched bulk (Aldefluor negative, −)
cancer cells were sorted by FACS from 6 cancers (patients, P, 12 through to 17). Expression profiles were determined by RNA-seq. Analyses
were performed on all 6 pairs of samples (a–c) or only 5 pairs, excluding P14 (d–f). a, d Unsupervised hierarchical clustering
was performed to investigate the relationships between the samples. Dendrograms and heat maps are shown. b, e Principal component
analysis (PCA) was performed to investigate the relationships between the samples. c, f Supervised hierarchical clustering was
performed using the genes significantly differentially expressed between paired BCSCs and bulk samples. Dendrograms and heat maps
are shown.
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were analysed for significant over-representation of specific gene
ontology annotations, when compared to the pooled transcrip-
tome of all samples. There were 25 and 131 significantly over-
represented terms for genes from 6 or 5 cases respectively (Table
S4). Many of these ontologies can be described in three broad
categories: developmental regulation of vessels (including the 3
most significantly over-represented ontologies on both lists:
cardiovascular system development, blood vessel development,
tube morphogenesis); cell motility and migration (including
regulation of cell motility, regulation of [epithelial/endothelial]
cell migration, regulation of locomotion) and metabolism (includ-
ing regulation of phospholipid metabolic process, hydrogen
peroxide catabolic process, cellular oxidant detoxification). A
further significantly over-represented ontology worth highlighting
was oxygen transport, since this contained all three of the most
highly differentially expressed genes (HBB, HBA1, HBA2; Table 2).
We concluded that BCSCs show deregulation of a wide-range of
cellular processes.

ITGA7 is downregulated in stem cells and is implicated as a
mediator of chemoresponse
From the genes differentially expressed between BCSC and non-
stem compartments, we were particularly interested in potential
prognostic and therapy predictive impacts of ITGA7, since it was
previously reported as a tumour suppressor in breast cancer [37],
and we had also identified ITGA7 somatic mutations, namely L36V
and R157Q, that showed chemotherapy-induced selection in
breast cancer [39]. We now aimed to examine in detail potential
implications on protein function of these mutations.
ITGA7 is thought to function as a heterodimer with ITGB1 but its

structure has not been solved; however, structures for the related
ITGAV/ITGB3 heterodimer are available [40, 41], as are homology
models of ITGA7 (swiss model ID Q13683 using the homology
model based on the 3fcs.2.A template residues 34-1089) and
ITGB3 (swiss model ID P05556 using the homology model based
on the 4g1m.1.B template residues 25–727). To construct a model

of the ITGA7/ITGB1 complex, we overlaid the ITGA7 A-chain of the
homology model with the A-chain of the αvβ3 crystal structure
(pdb ID 3IJE). Likewise, the ITGB1 homology model was super-
imposed on the B-chain of the same crystal structure. We mapped
the ITGA7 somatic mutations onto this structure, noting that both
variants occur in regions that are highly conserved. Both are
located at key molecular recognition interfaces (Fig. S5A, Video
S1), and so are well positioned structurally to influence the
stability of the ITG alpha chain and its interaction with other
substrates. The residue equivalent to L36 is located at the binding
interface between the N-terminal end of the β-propeller and the
‘thigh’ domain [41] of the ITG alpha chain. The bulky leucine
sidechain occupies a hydrophobic cavity adjacent to the domain
interface (Fig. S5B) that would be only partially occupied by the
more compact valine in the L36V variant. Moreover, the positively
charged R157 in the β-propeller domain in the alpha chain is
located at the binding interface with the ‘βA’ domain [41] of
ITGB1, and is stabilised by charge-charge interactions with the
negatively charged E120 and E145 in the A-chain, which would be
absent in the R157Q variant (Fig. S5C, D). We concluded that these
mutations have likely functional impact on ITGA7, and therefore
that ITGA7 activity is a potential regulator of breast cancer
chemoresponse, based on therapy-induced selection of these
mutations [39]; this is compatible with differential function in
the stem compartment since CSCs are known to be chemoresis-
tant [9, 21].
Next, we assessed whether ITGA7 expression impacted on

cancer outcomes using publicly-available transcriptome data for
primary breast cancer samples. Using the METABRIC dataset, we
tested whether ITGA7 expression levels correlated with disease-
free survival in a cohort of breast cancer cases (n= 1903; Fig. S6),
or in the same cases separating them into those annotated as
receiving chemotherapy (n= 396) and those not so annotated
(n= 1507) (Fig. 2). We found that ITGA7 expression did not impact
significantly on survival in the total cohort (Fig. S6), but that low
expression significantly correlated with reduced survival in
patients treated with chemotherapy (p= 0.01; Fig. 2), but not in
those who were not so treated, potentially indicative of specific
roles in chemoresistance. We also examined the ER-positive and
ER-negative chemotherapy-treated patients separately (Fig. S7);
the correlation with survival was evident only in the larger ER-
negative group. We concluded that ITGA7 was a strong candidate
mediator of chemotherapy response in breast cancer, and
therefore worthy of direct experimental testing.

ITGA7 expression in cancer cells correlates with disease-free
survival after chemotherapy
Our next aim was to test in a further cohort of breast cancers
whether levels of ITGA7 protein expression were differentially
associated with histopathological features of tumours, or with
cancer outcomes specifically after chemotherapy. First, we tested
the specificity of an ITGA7 antibody [42], with a view to using this
in immunohistochemical analyses. We transfected the breast
cancer cell line MCF7 with siRNAs targeting ITGA7, or with control
non-targeting siRNAs, and assessed ITGA7 expression using this
antibody by Western blot and immunofluorescence (Fig. 3a, b).
The antibody detected a main ITGA7 species of ~26 kDa, which is
the predicted size of the C–terminal portion of the protein
resulting from a well-characterised proteolytic cleavage [43]; the
epitope for this antibody is contained in this C-terminal end. In
addition, a smaller fragment was detected. Both bands were
specific to ITGA7 as indicated by their reduced expression after
targeted knock-down. By immunofluorescence, ITGA7 was
detected in the cytoplasm, and—surprisingly—the nuclei of cells.
Critically, expression in both compartments was shown to be
specific to ITGA7, as expression of both was dramatically reduced
after targeted knock-down (Fig. 3b). We concluded that the
antibody is specific for ITGA7 and therefore suitable for use in

Table 2. The most up- or downregulated genes in BCSCs compared to
matched bulk cancer cells.

Downregulated Upregulated

Gene Mean
fold change

Gene Mean
fold change

All HBA2 207 LINC01279 5.3

HBA1 175

GJA4 57

NDUFA4L2 42

BTNL9 39

ANGPT2 25

ITGA7 24

ROBO4 22

5 pairs HBB 1053 PDGFRA 8.8

HBA2 303 DCN 8.8

HBA1 183 LUM 7.8

GJA4 83 SFRP2 6.3

RGS5 66 LINC01279 5.9

CDH6 48 RARRES2 4.0

ABCB1 46 GFPT2 3.9

BTNL9 40 COX8A 2.2

Expression in BCSCs and matched bulk cancer cells was compared in all 6
cases (All) or in only 5 cases (5 pairs). The 8 most up- or downregulated
genes are listed (when 8 were available), along with mean fold-changes.
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immunohistochemistry, and that expression in both cytoplasmic
and nuclear compartments may be of interest. Nuclear functions
have previously been reported for various integrins [44–46].
Next, we examined expression in 305 breast cancers, encom-

passing a variety of histopathological features, that were all
treated with cytotoxic chemotherapy sometimes combined with
other treatments according to individual tumour subtypes. Clinical
and pathological features of this cohort have been published
previously [22], and are summarised in Table S1. Tumour tissue
samples were collected into tissue microarrays, with three
separate tissue cores representing each case. Expression of ITGA7
was examined using immunohistochemistry; staining was cyto-
plasmic, with some accentuated staining at the membrane, while
nuclear staining was also detected (Fig. 3c). Staining was scored
taking into account proportions of tumour cells staining positively,
and their intensity using the Allred system, assessing cytoplasmic
and nuclear compartments separately. Distributions of scores are
shown in Fig. 3d, demonstrating a near binary distribution in the
cytoplasm, tending to be either absent or with medium or strong
expression in the majority of cells, while by contrast nuclear
expression was more evenly distributed across the scores. Despite
these different distributions, cytoplasmic and nuclear expression
were significantly correlated (Spearman’s coefficient 0.66, p=
0.01). ITGA7 expression was also tested for correlations with the
standard prognostic factors tumour grade, lymph node status, and
oestrogen-receptor status (Table S5). The only significant finding
was nuclear ITGA7 demonstrated an extremely weak, and only just
significant, negative correlation with tumour grade (Spearman’s
coefficient −0.12, p= 0.04), although significance was lost after
correction for multiple testing. Overall, we concluded that ITGA7
levels were independent of these factors.
Kaplan–Meier survival analyses were performed to determine

whether expression of ITGA7 was significantly related to survival.
Cut-offs were applied to dichotomise patients into groups with
low or high expression. These cut-offs were defined objectively
using receiver operator curve analyses to give the best balance
between sensitivity and specificity for prediction of clinical
outcome [27] (see Table S6 for cut off values). Relatively low
ITGA7 expression in nuclei was significantly associated with
shorter disease-free survival, by a mean of 647 days (p= 0.036;
Fig. 3e bottom panel). This trend was also visible for cytoplasmic
expression, although this was not significant, and the difference in
survival was less (341 days; Fig. 3e top panel). For disease-specific
survival, neither nuclear or cytoplasmic ITGA7 were significantly
associated with outcome, although the same trend for low
expression being associated with shorter survival was visible (p=
0.063 and 0.065 respectively; Fig. S8). Interestingly, when analyses
were limited to ER-positive cases only (n= 207), nuclear ITGA7

expression was significantly associated with both disease free
(Fig. 3f top panel, p= 0.05) and disease-specific survival (Fig. 3f
bottom panel, p= 0.005). By contrast, ITGA7 was unrelated to
either measure of outcome in the smaller ER-negative group (n=
98; Table S7). Surprisingly, this dependence on ER status is the
opposite to our findings in the METABRIC dataset, where we found
the correlation in the ER-negative group only. It should be noted
that analysis of the METABRIC cohort used transcript levels from
whole tissue samples, while for our cohort we have assessed
nuclear protein levels in the cancer cells only, therefore some
differences may be expected. We concluded that levels of ITGA7
protein, specifically within the nucleus and especially in
oestrogen-receptor positive cases, were associated with survival
after chemotherapy.

Knock-down of ITGA7 increases chemotherapy resistance in
breast cancer cell lines
Next, we aimed to test directly whether expression levels of
ITGA7 are associated with differential sensitivity of breast cancer
cells to cytotoxic chemotherapy. We used the oestrogen-
receptor positive cell line, MCF7, based on our observation that
the association of ITGA7 with survival after chemotherapy was
strongest in oestrogen-receptor positive cancers, and we used
the anthracycline epirubicin as a representative chemotherapy
agent, since this class of agents is used in the vast majority of
breast cancer cases that receive chemotherapy. Cells were
transfected with siRNAs targeting ITGA7 or with control non-
targeting siRNAs, and sensitivity to a range of doses of epirubicin
was determined using MTT assays after 48 or 72 h (Fig. 4).
Efficacy of this targeted knock-down has already been demon-
strated (Fig. 3a, b). Knock-down of ITGA7 was associated with
significant protection of cells from the toxic effects of epirubicin
at two doses after 48 h (although the trend is maintained with all
doses), and at all doses after 72 h (p < 0.05). We concluded that
reduced ITGA7 was associated with cancer cell resistance to
epirubicin, which is compatible with our clinical data demon-
strating low ITGA7 expression was associated with poor out-
comes after chemotherapy (Fig. 3e, f).

DISCUSSION
We present the first published analyses of transcriptomes from
BCSC isolated from a range of primary breast cancer subtypes. The
cancer cases we examined (Table 1) included invasive ductal
carcinomas of no special type, the commonest breast cancer
histopathological classification [47], as well as rarer types (lobular
and papillary carcinomas). We also included cases that were
positive or negative for ER or HER2 expression, the key markers
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used to stratify to different therapies [2]. Therefore, our cohort
covers much of the diversity that is characteristic of breast cancer;
yet despite this, we find consistent BCSC features. Only two
previous studies have examined BCSC transcriptomes from
primary breast cancers [19, 20]. One study investigated CD44
high/CD24 low BCSCs from one ER-positive case [19]. Despite the
difference in CSC marker and the diversity of our cohort, there
were findings in common with our work; PDGFRA was upregu-
lated, and JAG2 downregulated (Table S3) in BCSCs in both studies
and similar deregulated pathways were identified, such as tissue
morphogenesis and regulation of cell migration (Table S4). The
PDGF pathway is already an established cancer therapeutic target,
although this has not been linked specifically to BCSCs, and breast
clinical trials are underway [48]. The other previous study of BCSC
transcriptomes also used the markers CD44 high/CD24 low in two
HER2-positive/ER-negative cancers [20]. There were few similar
findings to our work, although expression of EMCN and MMRN2
were downregulated in BCSCs in both studies; this relative lack of
commonality may reflect our lack of HER2-positive/ER-negative
cases. It is also important to recognise that differences in markers
used to identify BCSCs may be a critical source of lack of
consistency between studies, with CD44 high/CD24 low cells
known to differ from, although overlap with Aldefluor positive
cells [15]. Of particular interest are reports that these two key
types of BCSCs differ in cancer tissue distribution, with CD44
high/CD24 low cells being more prevalent at invasive edges
while Aldefluor positive cells reside in the interior [8], and differ
in relative prevalence across breast cancer molecular subtypes
[49]. In this context, it may be important to interpret our results
initially in the context of Aldefluor positive BCSCs specifically,
and relating to the molecular subtypes we include, although we
do demonstrate wider applicability through our follow up work
on ITGA7.
Unexpectedly, we found that genes expressing haemoglobin

chains (HBB, HBA1, HBA2) were the most differentially-expressed
genes, each showing more than 100-fold downregulation in
BCSCs. We considered whether this could have been caused by
contamination of non-stem compartments with hematopoietic
cells, despite experimental protocols designed to eliminate this by
positive selection on live nucleate cells and negative selection on
the hematopoietic marker CD45. In fact, our finding is supported
by publications on expression of each of these genes in epithelial
cancer cells, including from cervix, prostate, lung, and breast, and
a growing hypothesis that this represents a mechanism for
reducing oxidative stress-induced cellular damage [50–54].
This work is most advanced in breast cancer for HBB, although
reports are conflicting; HBB has been shown to exhibit some
characteristics of a tumour suppressor [55, 56], while others have
shown expression to correlate positively with aggressive cancer
behaviours such as proliferation [52, 53]. Our data may resolve
these conflicts, as we find relatively high expression in bulk cancer
cells, perhaps involved with proliferation, but greatly reduced
expression in primary stem compartments that are relatively
quiescent.
Other examples where overall tissue expression may have

previously obscured potential roles within BCSCs are DCN and
LUM, which encode the proteoglycans decorin and lumican. We
find these to be among the most substantially upregulated genes
in BCSCs (Table 2). This is in accordance with published data for
both proteins in stem compartments of glioblastoma and
neuroblastoma [57], and for DCN in colon cancer [58]. In addition,
high DCN expression has been associated with stem-like
characteristics of chemoresistance and invasion in oral [59] and
bladder cancers [60]. By contrast, in breast cancer, high expression
of either protein in tumour tissue, assessed by Western blots, was
associated with good outcomes [61], and adenoviral overexpres-
sion of DCN [62] or treatment with recombinant DCN [63] have
even been tested pre-clinically as therapies. However, both

proteins are expressed highly in stromal cells and matrix, and
these are the likely source of correlations with outcome [64] and
the main target of exogenous protein [63]. When DCN expression
specifically in cancer cells was assessed, high DCN correlated
significantly with reduced survival [65], which is compatible with
our observed high expression in BCSCs.
We focused further on ITGA7 since it was significantly and

consistently downregulated in BCSCs (Table 2), and previously we
reported it as a potential chemoresponse regulator [39]. Literature
shows that ITGA7 has features in breast of both a tumour
suppressor, for example, reduced expression in cancer compared
to normal tissue [37] and reduced expression in metastases [66],
and an oncogene, for example high expression linked to poor
survival [67] and knock-down in vitro associated with reduced
proliferation or invasion [37, 67]. This confusion may again relate
different roles within stem vs non-stem cancer cells, or within
stromal cells vs cancer cells. We found relatively low ITGA7
expression specifically within cancer cells to be associated with
poor patient outcomes after chemotherapy (Fig. 3), which was
concordant with reduced expression indicating increased stem-
like properties including chemoresistance. Furthermore, we
confirmed this impact on chemoresistance using in vitro siRNA
knock-downs (Fig. 4); in fact, our finding that ITGA7 knock-down
led to relative chemoresistance is compatible with previous
reports that knock-down led to reduced proliferation [37, 67],
since lower proliferation is linked to both resistance to cytotoxics
and stem cell phenotypes [9]. Interestingly, we found ITGA7 to be
expressed in both the plasma membrane/cytoplasm and in
the nucleus, as has been reported for a growing list of integrins
[44–46], although not previously for ITGA7. The molecular function
of nuclear ITGA7 remains unclear, but it should be noted that
expression in this compartment significantly correlated with
patient outcomes (Fig. 3e, f), therefore it is likely to be functional.
The best characterised example of nuclear integrins is ITGAV/
ITGB3 in ovarian cancer [45]; in this case, nuclear localisation was
cancer-specific, and induced proliferation without interfering with
the adherence function of the plasma-membrane located fraction.
Importantly, we do not find that low ITGA7 alone is a viable
marker of BCSCs, as is evident from the complete absence of
expression in any cancer cells in many cancer cases (Fig. 3d), but
that low ITGA7 is associated with some stem-like behaviours such
as chemoresistance.
In summary, we have determined the first statistically significant

transcriptome profile of stem-like cells from primary breast
cancers. We expect this profile to guide future experimental
assessment of novel markers and therapeutic targets, based on
assessing or targeting BCSCs. Using the profile, we have identified
ITGA7 as a mediator of the stem-like property of chemoresistance,
and define ITGA7 as a predictive marker for chemoresponse in
breast cancer, thereby highlighting integrins for future study in
order to consider novel chemo-sensitisation strategies.

DATA AVAILABILITY
All data are available either within the manuscript and Supplementary material, or
directly from the corresponding author.

REFERENCES
1. Bray F, Ferlay J, Soerjomataram I, Siegel RL, Torre LA, Jemal A. Global cancer

statistics 2018: GLOBOCAN estimates of incidence and mortality worldwide for 36
cancers in 185 countries. CA Cancer J Clin. 2018;68:394–424.

2. McDonald ES, Clark AS, Tchou J, Zhang P, Freedman GM. Clinical diagnosis and
management of breast cancer. J Nucl Med. 2016;57:9S–16S.

3. Tan BT, Park CY, Ailles LE, Weissman IL. The cancer stem cell hypothesis: a work in
progress. Lab Invest. 2006;86:1203–7.

4. Al-Hajj M, Wicha MS, Benito-Hernandez A, Morrison SJ, Clarke MF. Prospective
identification of tumorigenic breast cancer cells. Proc Natl Acad Sci USA. 2003;
100:3983–8.

N. Gwili et al.

9

British Journal of Cancer



5. De Angelis ML, Francescangeli F, Zeuner A. Breast cancer stem cells as drivers of
tumor chemoresistance, dormancy and relapse: new challenges and therapeutic
opportunities. Cancers. 2019;11;1569.

6. Balic M, Lin H, Young L, Hawes D, Giuliano A, McNamara G, et al. Most
early disseminated cancer cells detected in bone marrow of breast cancer
patients have a putative breast cancer stem cell phenotype. Clin Cancer Res.
2006;12:5615–21.

7. Charafe-Jauffret E, Ginestier C, Iovino F, Tarpin C, Diebel M, Esterni B, et al. Alde-
hyde dehydrogenase 1-positive cancer stem cells mediate metastasis and poor
clinical outcome in inflammatory breast cancer. Clin Cancer Res. 2010;16:45–55.

8. Liu S, Cong Y, Wang D, Sun Y, Deng L, Liu Y, et al. Breast cancer stem cells
transition between epithelial and mesenchymal states reflective of their normal
counterparts. Stem Cell Rep. 2014;2:78–91.

9. Tanei T, Morimoto K, Shimazu K, Kim SJ, Tanji Y, Taguchi T, et al. Association of
breast cancer stem cells identified by aldehyde dehydrogenase 1 expression with
resistance to sequential Paclitaxel and epirubicin-based chemotherapy for breast
cancers. Clin Cancer Res. 2009;15:4234–41.

10. He L, Yu A, Deng L, Zhang H. Eradicating the roots: advanced therapeutic
approaches targeting breast cancer stem cells. Current pharmaceutical design
2020. https://doi.org/10.2174/1381612826666200317132949.

11. Wright MH, Calcagno AM, Salcido CD, Carlson MD, Ambudkar SV, Varticovski L.
Brca1 breast tumors contain distinct CD44+/CD24- and CD133+ cells with cancer
stem cell characteristics. Breast Cancer Res. 2008;10:R10.

12. Cariati M, Naderi A, Brown JP, Smalley MJ, Pinder SE, Caldas C, et al. Alpha-6
integrin is necessary for the tumourigenicity of a stem cell-like subpopulation
within the MCF7 breast cancer cell line. Int J Cancer. 2008;122:298–304.

13. Ginestier C, Hur MH, Charafe-Jauffret E, Monville F, Dutcher J, Brown M, et al.
ALDH1 is a marker of normal and malignant human mammary stem cells and a
predictor of poor clinical outcome. Cell Stem Cell. 2007;1:555–67.

14. Kroger C, Afeyan A, Mraz J, Eaton EN, Reinhardt F, Khodor YL, et al. Acquisition of
a hybrid E/M state is essential for tumorigenicity of basal breast cancer cells. Proc
Natl Acad Sci U. S. A. 2019;116:7353–62.

15. Zhang, R, Tu, J & Liu, S. Novel molecular regulators of breast cancer stem cell
plasticity and heterogeneity. Semin Cancer Biol. 2021; https://doi.org/10.1016/j.
semcancer.2021.03.008.

16. Feng L, Huang S, An G, Wang G, Gu S, Zhao X. Identification of new cancer
stem cell markers and signaling pathways in HER2positive breast cancer by
transcriptome sequencing. Int J Oncol. 2019;55:1003–18.

17. Schwarz-Cruz YCA, Ceballos-Cancino G, Vazquez-Santillan K, Espinosa M,
Zampedri C, Bahena, I et al. Basal-type breast cancer stem cells over-express
chromosomal passenger complex proteins. Cells. 2020;9:709.

18. Zhang Z, Chen X, Zhang J, Dai X. Cancer stem cell transcriptome landscape
reveals biomarkers driving breast carcinoma heterogeneity. Breast Cancer Res
Treat. 2021;186:89–98.

19. Hardt O, Wild S, Oerlecke I, Hofmann K, Luo S, Wiencek Y, et al. Highly sensitive
profiling of CD44+/CD24- breast cancer stem cells by combining global mRNA
amplification and next generation sequencing: evidence for a hyperactive PI3K
pathway. Cancer Lett. 2012;325:165–74.

20. Lei B, Zhang XY, Zhou JP, Mu GN, Li YW, Zhang YX, et al. Transcriptome
sequencing of HER2-positive breast cancer stem cells identifies potential prog-
nostic marker. Tumour Biol. 2016;37:14757–64.

21. Raman D, Tiwari AK, Tiriveedhi V, Rhoades Sterling JA. Editorial: the role of breast
cancer stem cells in clinical outcomes. Front Oncol. 2020;10:299.

22. Al Amri WS, Allinson LM, Baxter DE, Bell SM, Hanby AM, Jones SJ, et al. Genomic
and expression analyses define MUC17 and PCNX1 as Predictors of chemother-
apy response in breast cancer. Mol Cancer Ther. 2020;19:945–55.

23. McShane LM, Altman DG, Sauerbrei W, Taube SE, Gion M, Clark GM, et al.
REporting recommendations for tumor MARKer prognostic studies (REMARK).
Breast Cancer Res Treat. 2006;100:229–35.

24. Kim B, Fatayer H, Hanby AM, Horgan K, Perry SL, Valleley EM, et al.
Neoadjuvant chemotherapy induces expression levels of breast cancer resis-
tance protein that predict disease-free survival in breast cancer. PLoS ONE.
2013;8:e62766.

25. Gao J, Aksoy BA, Dogrusoz U, Dresdner G, Gross B, Sumer SO, et al. Integrative
analysis of complex cancer genomics and clinical profiles using the cBioPortal. Sci
Signal. 2013;6:pl1–pl1.

26. Hutchinson SA, Lianto P, Roberg-Larsen H, Battaglia S, Hughes TA, Thorne JL. ER-
negative breast cancer is highly responsive to cholesterol metabolite signalling.
Nutrients. 2019;11:2618.

27. Zlobec I, Steele R, Terracciano L, Jass JR, Lugli A. Selecting immunohistochemical
cut-off scores for novel biomarkers of progression and survival in colorectal
cancer. J Clin Pathol. 2007;60:1112–6.

28. Pettersen E, Goddard T, Huang C, Couch G, Greenblatt D, Meng E, et al. UCSF
Chimera-a visualization system for exploratory research and analysis. J Comput
Chem. 2004;25:1605–12.

29. Salvador MA, Wicinski J, Cabaud O, Toiron Y, Finetti P, Josselin E, et al. The histone
deacetylase inhibitor abexinostat induces cancer stem cells differentiation in
breast cancer with low Xist expression. Clin Cancer Res. 2013;19:6520–31.

30. Thomas ML, de Antueno R, Coyle KM, Sultan M, Cruickshank BM, Giacomantonio
MA, et al. Citral reduces breast tumor growth by inhibiting the cancer stem cell
marker ALDH1A3. Mol Oncol. 2016;10:1485–96.

31. Moreb JS, Ucar D, Han S, Amory JK, Goldstein AS, Ostmark B, et al. The enzymatic
activity of human aldehyde dehydrogenases 1A2 and 2 (ALDH1A2 and ALDH2) is
detected by Aldefluor, inhibited by diethylaminobenzaldehyde and has sig-
nificant effects on cell proliferation and drug resistance. Chem Biol Interact.
2012;195:52–60.

32. Deng S, Yang X, Lassus H, Liang S, Kaur S, Ye Q, et al. Distinct expression levels
and patterns of stem cell marker, aldehyde dehydrogenase isoform 1 (ALDH1), in
human epithelial cancers. PLoS ONE. 2010;5:e10277.

33. Tam WL, Lu H, Buikhuisen J, Soh BS, Lim E, Reinhardt F, et al. Protein kinase C
alpha is a central signaling node and therapeutic target for breast cancer stem
cells. Cancer Cell. 2013;24:347–64.

34. Montagner M, Bhome R, Hooper S, Chakravarty P, Qin X, Sufi J, et al. Crosstalk
with lung epithelial cells regulates Sfrp2-mediated latency in breast cancer
dissemination. Nat Cell Biol. 2020;22:289–96.

35. Trosko JE. Cancer prevention and therapy of two types of gap junctional
intercellular communication-deficient “Cancer Stem Cell”. Cancers. 2019;11:87.

36. Bao Y, Wang L, Shi L, Yun F, Liu X, Chen Y, et al. Transcriptome profiling revealed
multiple genes and ECM-receptor interaction pathways that may be associated
with breast cancer. Cell Mol Biol Lett. 2019;24:38.

37. Bhandari A, Xia E, Zhou Y, Guan Y, Xiang J, Kong L, et al. ITGA7 functions as a
tumor suppressor and regulates migration and invasion in breast cancer. Cancer
Manag Res. 2018;10:969–76.

38. Vassalli G. Aldehyde dehydrogenases: not just markers, but functional regulators
of stem cells. Stem Cells Int. 2019;2019:3904645.

39. Al Amri WS, Baxter DE, Hanby AM, Stead LF, Verghese ET, Thorne JL, et al. Identifi-
cation of candidate mediators of chemoresponse in breast cancer through therapy-
driven selection of somatic variants. Breast Cancer Res Treat. 2020;183:607–16.

40. Xiong J-P, Mahalingham B, Alonso JL, Borrelli LA, Rui X, Anand S, et al. Crystal
structure of the complete integrin alphaVbeta3 ectodomain plus an alpha/beta
transmembrane fragment. J Cell Biol. 2009;186:589–600.

41. Xiong JP, Stehle T, Diefenbach B, Zhang R, Dunker R, Scott DL, et al. Crystal
structure of the extracellular segment of integrin alpha Vbeta3. Science.
2001;294:339–45.

42. Ahmed M, Marziali LN, Arenas E, Feltri ML, Ffrench-Constant C. Laminin α2
controls mouse and human stem cell behaviour during midbrain dopaminergic
neuron development. Development. 2019;146:dev172668.

43. Song WK, Wang W, Foster RF, Bielser DA, Kaufman SJ. H36-alpha 7 is a
novel integrin alpha chain that is developmentally regulated during skeletal
myogenesis. J Cell Biol. 1992;117:643–57.

44. Lin H-Y, Su Y-F, Hsieh M-T, Lin S, Meng R, London D, et al. Nuclear monomeric
integrin αv in cancer cells is a coactivator regulated by thyroid hormone. FASEB J.
2013;27:3209–16.

45. Seraya-Bareket C, Weisz A, Shinderman-Maman E, Teper-Roth S, Stamler D, Arbib
N, et al. The identification of nuclear αvβ3 integrin in ovarian cancer: non-
paradigmal localization with cancer promoting actions. Oncogenesis. 2020;9:69.

46. Liu SY, Ge D, Chen LN, Zhao J, Su L, Zhang SL, et al. A small molecule induces
integrin β4 nuclear translocation and apoptosis selectively in cancer cells with
high expression of integrin β4. Oncotarget. 2016;7:16282–96.

47. Turashvili G, Brogi E. Tumor heterogeneity in breast cancer. Front. Med
(Lausanne). 2017;4:227.

48. Papadopoulos N, Lennartsson J. The PDGF/PDGFR pathway as a drug target. Mol
Asp Med. 2018;62:75–88.

49. Vikram R, Chou WC, Hung SC, Shen CY. Tumorigenic and metastatic role of CD44
(−/low)/CD24(−/low) cells in luminal breast cancer. Cancers 2020;12:1239.

50. Guzvic M, Braun B, Ganzer R, Burger M, Nerlich M, Winkler S, et al. Combined
genome and transcriptome analysis of single disseminated cancer cells from
bone marrow of prostate cancer patients reveals unexpected transcriptomes.
Cancer Res. 2014;74:7383–94.

51. Li X, Wu Z, Wang Y, Mei Q, Fu X, Han W. Characterization of adult alpha- and
beta-globin elevated by hydrogen peroxide in cervical cancer cells that play a
cytoprotective role against oxidative insults. PLoS ONE. 2013;8:e54342.

52. Zheng Y, Miyamoto DT, Wittner BS, Sullivan JP, Aceto N, Jordan NV, et al.
Expression of beta-globin by cancer cells promotes cell survival during blood-
borne dissemination. Nat Commun. 2017;8:14344.

53. Ponzetti M, Capulli M, Angelucci A, Ventura L, Monache SD, Mercurio C, et al.
Non-conventional role of haemoglobin beta in breast malignancy. Br J Cancer.
2017;117:994–1006.

54. Capulli M, Angelucci A, Driouch K, Garcia T, Clement-Lacroix P, Martella F, et al.
Increased expression of a set of genes enriched in oxygen binding function

N. Gwili et al.

10

British Journal of Cancer

https://doi.org/10.2174/1381612826666200317132949
https://doi.org/10.1016/j.semcancer.2021.03.008
https://doi.org/10.1016/j.semcancer.2021.03.008


discloses a predisposition of breast cancer bone metastases to generate
metastasis spread in multiple organs. J Bone Min Res. 2012;27:2387–98.

55. Roy D, Calaf G, Hei TK. Allelic imbalance at 11p15.5-15.4 correlated with c-Ha-ras
mutation during radiation-induced neoplastic transformation of human breast
epithelial cells. Int J Cancer. 2003;103:730–7.

56. Ma X, Liu C, Xu X, Liu L, Gao C, Zhuang J, et al. Biomarker expression analysis in
different age groups revealed age was a risk factor for breast cancer. J Cell
Physiol. 2020;235:4268–78.

57. Farace C, Oliver JA, Melguizo C, Alvarez P, Bandiera P, Rama AR, et al. Micro-
environmental Modulation of Decorin and Lumican in Temozolomide-Resistant
Glioblastoma and Neuroblastoma Cancer Stem-Like Cells. PLoS ONE 2015;10:
e0134111.

58. Hirashima K, Yue F, Kobayashi M, Uchida Y, Nakamura S, Tomotsune D, et al. Cell
biological profiling of reprogrammed cancer stem cell-like colon cancer cells
maintained in culture. Cell Tissue Res. 2019;375:697–707.

59. Kasamatsu A, Uzawa K, Minakawa Y, Ishige S, Kasama H, Endo-Sakamoto Y, et al.
Decorin in human oral cancer: a promising predictive biomarker of S-1 neoad-
juvant chemosensitivity. Biochem Biophys Res Commun. 2015;457:71–76.

60. El Behi M, Krumeich S, Lodillinsky C, Kamoun A, Tibaldi L, Sugano G, et al. An essential
role for decorin in bladder cancer invasiveness. EMBO Mol Med. 2013;5:1835–51.

61. Troup S, Njue C, Kliewer EV, Parisien M, Roskelley C, Chakravarti S, et al. Reduced
expression of the small leucine-rich proteoglycans, lumican, and decorin is
associated with poor outcome in node-negative invasive breast cancer. Clin
Cancer Res. 2003;9:207–14.

62. Zhao H, Wang H, Kong F, Xu W, Wang T, Xiao F, et al. Oncolytic adenovirus rAd.
DCN inhibits breast tumor growth and lung metastasis in an immune-competent
orthotopic xenograft model. Hum Gene Ther. 2019;30:197–210.

63. Buraschi S, Neill T, Owens RT, Iniguez LA, Purkins G, Vadigepalli R, et al. Decorin
protein core affects the global gene expression profile of the tumor micro-
environment in a triple-negative orthotopic breast carcinoma xenograft model.
PLoS ONE. 2012;7:e45559.

64. Li SJ, Chen DL, Zhang WB, Shen C, Che GW. Prognostic value of stromal
decorin expression in patients with breast cancer: a meta-analysis. J Thorac Dis.
2015;7:1939–50.

65. Cawthorn TR, Moreno JC, Dharsee M, Tran-Thanh D, Ackloo S, Zhu PH, et al.
Proteomic analyses reveal high expression of decorin and endoplasmin
(HSP90B1) are associated with breast cancer metastasis and decreased survival.
PLoS ONE 2012;7:e30992.

66. Konstantinovsky S, Smith Y, Zilber S, Tuft Stavnes H, Becker A-M, Nesland JM,
et al. Breast carcinoma cells in primary tumors and effusions have different gene
array profiles. J Oncol. 2010;2010:969084.

67. Bai X, Gao C, Zhang L, Yang S. Integrin α7 high expression correlates with
deteriorative tumor features and worse overall survival, and its knockdown
inhibits cell proliferation and invasion but increases apoptosis in breast cancer.
J Clin Lab Anal. 2019;33:e22979.

ACKNOWLEDGEMENTS
Not applicable.

AUTHOR CONTRIBUTIONS
NG and SJJ—planned project, designed and performed experiments, analysed
data. WAA, IMC and SH—provided resources, analysed data. BVH—provided resources.
WEH—provided resources, analysed data. BK and FEL—provided resources.

RAM-S—provided resources, analysed data, oversaw pathology analyses. AP—designed
and performed experiments, analysed data. JLT—analysed data. ETV—analysed data,
oversaw pathology analyses. GW—provided resources, analysed data. MH, LY and
NMFED—supervised project. TAH—supervised and managed project, designed
experiments, analysed data, lead manuscript writing. All authors contributed to writing
the manuscript.

FUNDING
NG’s work was funded by a travelling fellowship from Alexandria University.

COMPETING INTERESTS
The authors declare no competing interests.

ETHICS APPROVAL AND CONSENT TO PARTICIPATE
Ethical permissions for use of patient material and data from patients was granted by
Leeds (East) REC (references 15/YH/0025 and 06/Q1206/180). Patients were recruited
and informed consent was taken in line with these permissions. The study was
performed in accordance with the Declaration of Helsinki.

CONSENT TO PUBLISH
Not applicable.

ADDITIONAL INFORMATION
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41416-021-01484-w.

Correspondence and requests for materials should be addressed to T.A.H.

Reprints and permission information is available at http://www.nature.com/
reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims
in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in anymedium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly
from the copyright holder. To view a copy of this license, visit http://creativecommons.
org/licenses/by/4.0/.

© The Author(s) 2021

N. Gwili et al.

11

British Journal of Cancer

https://doi.org/10.1038/s41416-021-01484-w
http://www.nature.com/reprints
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Transcriptome profiles of stem-like cells from primary breast cancers allow identification of ITGA7 as a predictive marker of�chemotherapy response
	Background
	Methods
	Patients, ethics, clinical samples/data
	Aldefluor labelling and flow-cytometry/sorting
	Transcriptome profiling and analysis
	Immunohistochemistry
	In silico analyses: expression data mining and structure visualisation
	Tissue culture, transfections and MTT assays
	Western blots and immunofluorescence
	Statistical analyses

	Results
	Fluorescent labelling of stem-like cancer cells from primary breast cancers
	ALDH1 protein expression did not correlate with ALDH activity
	Stem-like and bulk breast cancer cells differ significantly in their transcriptomes
	Genes associated with BCSCs are enriched for specific functions
	ITGA7 is downregulated in stem cells and is implicated as a mediator of chemoresponse
	ITGA7 expression in cancer cells correlates with disease-free survival after chemotherapy
	Knock-down of ITGA7 increases chemotherapy resistance in breast cancer cell lines

	Discussion
	References
	Acknowledgements
	Author contributions
	Funding
	Competing interests
	Ethics approval and consent to participate
	Consent to publish
	ADDITIONAL INFORMATION




